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How to read this report 

This report is a supplement to the 2025 JCOTS report on AI Chatbots. It is organized into eight 
sections:  

● The executive summary provides an overview of the report’s key themes and 
recommendations; 

● The study background explains the impetus and scope of the report; 
● Key concepts provides definitions for important or specialized terms used throughout the 

report; 
● The introduction provides an overview of the policy issues around AI chatbots and 

emotional and relational harms; 
● Revisiting AI chatbots recaps several key points from the previous 2025 JCOTS study on AI 

chatbots and delves more deeply into several topics specific to the proposed Virginia 
legislation, including emotional and relational harms and risks, AI companionship, minors’ use 
of chatbots, and lessons to be learned from policy on social media; 

● Virginia proposed legislation provides an overview of the two chatbot bills introduced in 
the last General Assembly session; 

● Policy landscape offers a review of how other states have legislated on chatbots in the last 
year, congressional proposals at the federal level, and litigation concerning chatbots; 

● Recommendations sets out several overarching policy principles and policy options for 
addressing the risks and harms associated with AI chatbots if legislation were to be re-
introduced in Virginia. 
 

The report can be read as a continuous document, or readers can skip to sections of interest.  
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Executive Summary 

This report examines the opportunities, risks, and harms associated with using AI chatbots for 
companionship. It further explores how minors are using AI chatbots and specific policy issues for 
youth users of these products. This year legislatures across the United States turned their attention to 
chatbots, introducing around 100 chatbot bills, with 16 signed into law. Legislative action has 
responded to growing chatbot use; a 2026 Pew survey found that around 50% of American adults and 
64% of American teens use chatbots, and many users report turning to chatbots for emotional or 
mental health support. Alongside this trend, journalism and academic research have begun surfacing 
concerning risks and harms associated with AI chatbot use, especially sustained, longer-term 
engagement with chatbots, including cases of delusional spirals, emotional dependence, and suicide. 
These emotional and relational harms are the result of the complex interactions between humans and 
machines, which impact people’s psychological states, emotional conditions, and social lives.  
 
Beyond the emerging risks of chatbots more broadly, several high-profile tragedies have drawn 
particular attention to the risks of minors using chatbots. The unique developmental needs of minors 
suggest that they may be more susceptible to emotional and relational risks. However, the report finds 
both adults and minors experiencing documented emotional and relational harms correlated with 
chatbots, and scientific evidence on minors’ engagement with chatbots is limited. Documented cases 
of emotional and relational harms for all users have generally involved turning to chatbots for intimate 
or romantic interaction or mental health support—types of engagement that might be considered 
forms of “companionship.” While some AI chatbots are specifically marketed as “AI companions” to 
provide emotional, romantic, or even therapeutic support, the report finds that it is not meaningful 
from a policy standpoint to distinguish “AI companions” from AI chatbots that happen to be used for 
companionship. The risks and harms associated with AI chatbots are a product of their underlying 
technology (Large-Language Models) and design features, regardless of whether they might be 
categorized as general purpose AI chatbots (e.g. ChatGPT, Gemini, Grok), task- or domain-specific AI 
chatbots (e.g. therapy bots or educational tutors), or AI models marketed for social purposes (e.g. 
Character.AI, Replika).  
 
The report identifies several design features associated with emotional and relational risks, including 
sycophancy, anthropomorphism-enhancing design, conversation prolongation, and weak 
disengagement mechanisms. There is currently little scientific evidence supporting generalizable, 
population-level, causal connections between design features and emotional and relational harms due 
to the relative newness of the technology and the complexity of technological, social, psychological, 
and environmental factors involved. However, a growing body of evidence suggests AI chatbot use is 
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correlated with emotional and relational harms, and an emerging scholarly consensus points to 
engagement-maximizing design as a policy concern. Another policy concern centers on the 
impediments to learning more about AI chatbot risks and harms: there is currently a lack of 
independent, verifiable safety testing, risk assessment, incident reporting, or effective safeguards for 
commercial AI chatbots. Policy on AI chatbots must therefore weigh the risks of legislative inaction to 
mitigate observed societal harms against the risks of legislative action with untested policy solutions as 
the evidence base develops and matures.  
 
When it comes to weighing these risks, the report draws a comparison to social media policy. Despite 
growing public concern and accumulating evidence of individual harms, policy has lagged behind the 
evolution and market dominance of these platforms. Three relevant lessons can be drawn from how 
policy has confronted social media: (1) that voluntary commitments by companies have been largely 
ineffective at addressing harms, (2) scientific evidence alone cannot offer timely and effective policy 
solutions for the technological harms people are experiencing, (3) a lack of public information and 
data has delayed interventions. Collectively, these lessons point to the importance of legislative action 
that enforces harm prevention and simultaneously closes the information gap between companies, the 
public, and independent researchers. 
 
The report ultimately concludes that although the scientific evidence on these issues is still developing, 
the observable risks warrant legislative action. First, the extreme harms experienced by some users 
require mitigation, and AI companies have not demonstrated sufficient commitment to confirming 
safety on a voluntary basis. Second, more information is needed in order to build independent 
scientific evidence on how chatbots affect individuals and society, to make AI products safer, and to 
inform more effective policy. Legislation can play an important role in mandating transparency to 
enable this public oversight. Therefore, the report recommends re-introducing legislation on AI 
chatbots that follows six policy principles: (1) mitigate extreme harms for all users; (2) target design 
features rather than content; (3) mandate transparency and accountability to build the evidence base 
and facilitate independent, public oversight; (4) enable user choice and autonomy by establishing 
privacy-respecting defaults and options that accommodate users’ preferences; (5) enable legislative 
learning by reviewing the impact of legislation once enacted; (6) engage affected communities. Within 
each of these principles, the report presents several policy options for legislation.   
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Study Background 

During the 2026 General Assembly session, JCOTS was sent HB 635 (“Artificial Intelligence 
Chatbots Act”) and SB796 (“Artificial Intelligence Companion Chatbots and Minors Act”) for study 
by letter. These proposed bills would have regulated AI chatbots in the Commonwealth, with 
particular emphasis on preventing covered harms, such as self-harm or suicide, and requiring 
additional guardrails for minors.  
 
Over 30 states have introduced almost 100 bills targeting chatbots this year, and as of the end of July, 
16 states have passed chatbot legislation. Recent chatbot legislation has overwhelmingly focused on 
mitigating the emotional and relational risks to users of chatbot products, such as dependence, self-
harm, and delusional thinking, and 10 bills passed in other states contained specific provisions for 
minors. This legislative activity has occurred in spite of the White House Executive Order that 
discouraged states from passing onerous AI legislation.1 However, several states focused their 
regulatory attention on minors due to an exemption articulated in the Executive Order for “child 
safety protections.” 
 
In 2025, JCOTS published an informational report on AI chatbots, which covered a technical 
overview of LLM-based chatbots, including AI assistants, AI agents, and AI companions, and 
emergent policy issues associated with these products. Following the two proposed Virginia bills on 
chatbots and the flurry of state legislative activity on chatbots, this report builds on last year’s study, 
focusing on: 

● Chatbot companionship; 
● The emotional, social, and psychological risks of chatbots; 
● Minors’ use of chatbots; 
● Chatbot legislation in other states and at the federal level. 

Methodology 

This report is based on a literature review of academic and grey literature and stakeholder interviews. 
Generative AI was used for notetaking during some of the interviews and in the process of conducting 
background research for this study. AI was not used for outlining, writing, or editing this report. 
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Key Concepts 
 
Age-appropriate design: A set of standards and explicit design requirements for online services to 
accommodate the developmental needs and protect the safety and privacy of children and 
adolescents, prioritizing safety defaults and aligning design features with developmental stages.  
 
Age assurance: Systems that attempt to ascertain with varying degrees of precision whether a user 
fits within a specific, eligible age range to access restricted content or services. Service providers use 
various methods to conduct this verification, such as age attestation (e.g. inputting a birthdate), age 
estimation or inference (e.g. algorithmic inference based on user behavior on a platform), or age 
verification (e.g. uploading a Driver’s License).  
 
Companion chatbot: A type of AI designed and marketed specifically to offer emotional support 
or social interaction, often using natural language processing, sentiment analysis, and personalized 
behavior to create a more human-like, engaging experience and provide users with a sense of 
connection and support.  
 
Dark patterns: Deceptive and manipulative design features built into digital platforms that 
prioritize user engagement over user well-being and are not in the users’ best interests. 
 
Emotional and relational harms: Negative outcomes arising from complex interactions between 
humans and AI chatbots that impact people's psychological states, emotional conditions, and social 
lives. 
 
Emulated empathy: The process by which an AI model mimics human empathy by statistically 
predicting and generating language designed to evoke an emotional response, despite the model 
lacking actual human understanding or experience. 
 
Generative AI (GenAI): AI models that are able to generate new content. When prompted (often 
by a user inputting text in natural language), GenAI can produce various outputs, including text, 
images, videos, computer code, or music.  
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General-purpose chatbot: An AI system primarily designed to support a broad array of 
functional, communicative, and assistive tasks. In contrast to companion chatbots, general purpose 
chatbots (e.g. ChatGPT, Claude, Gemini) are task-oriented, although users may also seek emotional 
or mental health support from them.  
 
Information asymmetry: The imbalance of information between the private and public sectors 
that occurs when technology companies closely guard data, testing reports, and product access, 
forcing the government and independent researchers to gather their own data slowly (and often 
indirectly) to inform public policy. 
 
Large Language Model (LLM): A type of AI that uses deep learning techniques to process and 
generate human-like text based on vast amounts of data that include books, websites, and other text 
sources, enabling them to learn patterns, structures, and nuances of language. 
 
Pacing problem: A term from regulatory theory that describes when rapid technological 
innovation and new product releases outpace both government regulation and the development of 
rigorous scientific evidence. 
 
Prompt: The input or query provided to an LLM to guide its response, which can be a question, 
statement, or instruction that sets the context for what the model should generate. 
 
Training data: The huge amount of text data used to teach an LLM how to understand and 
generate human language, typically consisting of diverse text sources such as books, articles, 
websites, and other publicly available written content that helps the LLM learn patterns, structures, 
grammar, vocabulary, and nuances of language by analyzing the relationships between words, 
phrases, and sentences. 

 

Introduction 

In the last several years, AI chatbots have become widespread and constitute a primary avenue through 
which members of the public engage with artificial intelligence (AI) in daily life. Chatbots are AI 
systems that users can interact with using natural language rather than computer code. They can 
perform complex tasks like searching the Internet, summarizing or editing documents, writing code, or 
generating new content, like reports, videos, and images. Examples of popular AI chatbots include 
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ChatGPT (OpenAI), Gemini (Google), Claude (Anthropic), CoPilot (Microsoft), Perplexity 
(Perplexity AI, Inc.), and Grok (SpaceXAI). Social media companies including Meta, Snapchat, and 
TikTok also have AI chatbots. In addition, there are chatbots marketed for specific purposes, such as 
tutoring, coding, or romantic relationships.  
 
A 2026 Pew Survey found that around 50% of American adults use chatbots, with 25% using them 
almost daily.2 An earlier 2025 Pew Survey found that 64% of American teens use chatbots, with 28% 
using them almost daily.3 At the same time, public opinion has increasingly turned against AI, with 
40% of adults expressing an expectation that AI will have a negative impact on society in the next 20 
years. Although young people are more likely to take a positive view of the impact of chatbots on 
society (31%), 26% of teens expect chatbots to have a negative impact, and 34% say they will have 
equally positive and negative effects. As more people of all ages have begun using these products, some 
users have experienced serious harms as a result of their interactions with chatbots, including 
delusional spirals, self-harm, suicide, and sexual exploitation and manipulation. Several high-profile 
tragedies claimed headlines, in which young people died by suicide following destructive conversations 
with chatbots. Within just the last year, the New York Times documented over 50 cases of 
psychological crisis associated with chatbot use.4 As of November 2025 OpenAI, the company behind 
ChatGPT, faced five wrongful death lawsuits.5 
 

Chatbots in the News 
 

● “Can AI Be Blamed for a Teen’s Suicide?” The New York Times, 4 April 2024  
 

● “AI friendships claim to cure loneliness. Some are ending in suicide.” The Washington Post, 
6 December 2024 

 
● “ ‘This was trauma by simulation.’ ChatGPT users file disturbing mental health 

complaints.” Gizmodo, 13 August 2025 
 

● “What My Daughter Told ChatGPT Before She Took Her Life,” The New York Times, 18 
August 2025  
 

● “A Teen Was Suicidal. ChatGPT was the Friend He Confided In,” The New York Times, 26 
August 2025  

 
● “I wanted ChatGPT to help me. So why did it advise me how to kill myself?” BBC, 6 

https://www.nytimes.com/2024/10/23/technology/characterai-lawsuit-teen-suicide.html
https://www.washingtonpost.com/technology/2024/12/06/ai-companion-chai-research-character-ai/
https://gizmodo.com/this-was-trauma-by-simulation-chatgpt-users-file-disturbing-mental-health-complaints-2000636943
https://www.nytimes.com/2025/08/18/opinion/chat-gpt-mental-health-suicide.html
https://www.nytimes.com/2025/08/26/technology/chatgpt-openai-suicide.html
https://www.bbc.com/news/articles/cp3x71pv1qno
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November 2025 
 

● “ ‘Our Bond Is the Only Thing That's Real:’ A New Lawsuit Alleges Google Gemini Drove 
a Man to Suicide.” TIME, 4 March 2026 

 

 
An Ipsos survey this year reported that 60% of Americans favor government regulation to ensure AI 
outputs do not cause harm.6 State legislatures have responded to public concern with a burst of 
legislation targeting chatbots during 2026 sessions. Nearly 100 bills have been proposed this year, and 
to date 16 states have passed chatbot regulations. Legislation has predominantly focused on mitigating 
the social and emotional harms consumers are experiencing, as evidence shows that people are turning 
to chatbots for emotional, romantic, social, and mental health support. The recent Pew survey found 
that 14% of adults use chatbots for companionship or emotional support,7 and a report by the UK’s AI 
Security Institute found that around a third of respondents had used AI chatbots for emotional 
support in the last year.8 Other researchers conducting a longitudinal social listening study on chatbot 
use observed that therapy/companionship is the fastest growing use of chatbots and constitutes the 
top use of chatbots for the last two years.9 Research on the psychological and emotional effects of 
chatbots is at an early stage, but parents, educators, and clinicians have raised alarms based on their 
lived experiences. A survey conducted by the American Psychological Association (APA) found that 
39% of psychologists have patients who used AI to self-diagnose, and 35% reported that patients have 
turned to chatbots to act as an additional mental health professional.10   
 
In this context, this report builds on a 2025 JCOTS study on AI chatbots, with a renewed focus on 
chatbots used for emotional, psychological, or relational support and the related emotional harms that 
policy may seek to mitigate. This focus encompasses a wide range of chatbots but a narrower set of 
risks and harms than the previous study. Many state bills introduced this year specifically targeted 
companion chatbots, as these are marketed for social, emotional, and romantic uses. However, this 
report takes a broader view to include chatbots capable of engaging in emotionally charged 
conversations, even if they are marketed for other purposes. As the report will go on to explain below, 
there is ample evidence that any chatbot with these capabilities may generate the harms targeted in the 
proposed Virginia legislation that prompted this study.  

Revisiting AI Chatbots 

AI chatbots have become a popular technology product following OpenAI’s seismic release of 
ChatGPT in 2022. Researchers and technology companies had been working on the underlying 

https://time.com/7382406/gemini-suicide-lawsuit-death/
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technology, Large Language Models (LLMs), for decades, and a commercial market for powerful 
LLMs was already developing in the technology sector.11 However, ChatGPT was the first successful 
LLM product released to the public. Since then, chatbots marketed to the public have proliferated, 
and the companies behind them have gained notoriety along with unprecedented valuations and 
investment. Several anticipated artificial intelligence IPOs this year are set to break records.12 
 
A brief overview of the technology behind chatbots is warranted because the technical architecture of 
chatbots plays an important role in shaping how people engage with and are affected by chatbots. 
LLMs are a type of AI that uses deep learning techniques to process and generate text outputs in 
natural human language. They are trained on vast amounts of data that include books, websites, and 
other text sources, enabling them to identify and replicate the patterns, structures, and nuances of 
language. LLMs are a subtype of generative AI (sometimes called “genAI”), which refers to any models 
trained on large volumes of data that are able to generate new content, such as text, images, audio, or 
video.  
 
Generative AI training practices have come under scrutiny because companies have acquired the vast 
amounts of data needed for training by scraping as much of the internet as possible, without regard for 
copyright, intellectual property, or privacy.13 The training process results in human-sounding outputs 
that also appear informed and knowledgeable. However, although these data aggregation practices 
have resulted in models ingesting a huge amount of information, it is not accurate to say that even the 
largest models are trained on all of human knowledge. Only a small portion of human knowledge 
exists in written form, and only a fraction of that repository has been digitized.14 Additionally, only 
around 7% of the world’s languages are well-represented on the internet.15 Analyses of crowdsourced 
sites like Wikipedia, where members of the public can contribute information for free, show that 
content is disproportionately produced by men.16 Studies of popular AI training datasets also show 
that they contain large quantities of abusive, sexually explicit, discriminatory, and personally 
identifiable content.17 Training data is only one factor in how models are built, but it is the formative, 
raw material from which models have “learned” how to generate human-like responses. The omissions 
and ethical ambiguities embedded in training datasets illustrate the complexities of AI safety, even at 
the most basic layer of model development. 
 
The distinguishing feature of AI chatbots is their ability to respond to natural human language with 
novel responses that mimic human communication. LLMs do this using complex mathematical 
operations, which enable the model to predict likely outputs. In other words, although the outputs of 
LLMs are delivered in the form of human-like language, they are the product of statistics. They are 
highly capable of mimicking human language, but they lack human understanding and experience.18 
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The probabilistic nature of the outputs means that chatbots generate unpredictable responses, and 
even model developers do not know in advance how a chatbot will answer a user prompt. This 
presents many challenges for addressing problematic chatbot outputs because the science is still 
evolving on how to explain or reverse-engineer a chatbot response. Developers set extensive parameters 
for models (using model weights, fine-tuning, reinforcement learning, and other methods, including 
hard-coding guardrails to constrain model outputs), but LLMs still suffer from a “black box” 
problem: it is often hard, if not impossible, to know with certainty how a model generates a specific 
output.19  
 
A baseline understanding of the technology behind chatbots is helpful in making sense of the policy 
issues these products raise. Scientific research on LLM performance “in the wild” is an evolving field, 
but emerging scholarship (in controlled and real-life contexts) has demonstrated that even well-trained 
models can be prompted to misbehave,20 well-constrained models can leak important information,21 
and developers themselves cannot reliably reverse-engineer LLM decisions or reasoning.22  Last year’s 
JCOTS report highlighted several policy areas deserving attention with regard to chatbots in light of 
these observable risks: health and well-being, privacy, security, transparency and explainability, 
workforce development, and democratic culture. Since then, public interest has focused 
predominantly on issues in the health and well-being category. These issues are what psychologist 
Marlynn Wei calls “emotional and relational risks.” They include a deterioration of boundaries, 
emotional dependence, emotional manipulation, social isolation, and even psychosis.23 Emotional and 
relational risks of chatbots are rooted in the technical architecture of the AI models underlying 
chatbots. LLMs are probabilistic prediction systems that emulate empathy by statistically generating 
language that evokes an emotional response in humans, who are hard-wired to interpret social cues like 
language.24 Microsoft’s AI CEO recently described this effect as “hack[ing] our human empathy,”25 
and others have called it “attachment hacking.”26 
 
Importantly, it is not always possible to draw a bright line between different categories of chatbots, 
and the marketing for a chatbot may not accurately reflect a chatbot’s wide range of capabilities. 
Companion chatbots explicitly advertise their social, emotional, and relational capabilities. However, 
there are documented cases of emotional and relational harms arising from interactions with many 
different chatbots, pointing to the risks correlating with the underlying technical architecture, 
affordances, and design features, rather than the type of chatbot or specific use case. A 2025 UK survey 
of teenage users (aged 13-17) of AI companions found that 79% had used a companion, but their 
preferred “companion” was ChatGPT (78%).27 As one of the authors of that report wrote in Tech 
Policy Press, “[t]eenagers are using mainstream chatbots as companions, so any policy framed around a 
special category of ‘companion product’ will miss most of the actual use.”28 Similarly, a 2025 UK AI 
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Security Institute report on Frontier AI Trends found that people who report using AI for emotional 
support disproportionately use general purpose AI chatbots, like ChatGPT (only 5% used chatbots 
marketed for companionship).29 
 
Industry experts also recognize that companion chatbots encompass more than those marketed as 
such. The IEEE, a global professional organization of technical experts responsible for setting critical 
industry standards, like WiFi protocols, published a recommended practice standard this year on 
“Ethical Considerations of Emulated Empathy in Partner-based General-Purpose Artificial 
Intelligence Systems.” The standard extends considerations for human-AI relationships to chatbots 
operating in a wide range of domains, from education to workplaces.30 AI chatbots can be packaged as 
many different kinds of products: standalone apps, embedded tools within browsers or search engines, 
integrated features in social media platforms, characters in video games, and much more. The risks 
correlated with chatbot use are overwhelmingly associated with the underlying technology that powers 
chatbots—generative AI—and the engagement-enhancing design feature of emulated empathy, 
regardless of how they are accessed or marketed.  
 
At the same time, some of the features of chatbots correlated with negative outcomes show potential 
for positive impacts. Being able to ask questions in natural language and receive information in an 
accessible, friendly-sounding format could lower longstanding barriers to knowledge—aiding 
schoolwork, connecting people to help and advice, and bolstering civic awareness. All new 
technologies introduce benefits and harms to varying degrees, and chatbots are no exception. The 
policy questions center on whether and when the potential benefits outweigh the potential risks and 
on how to maximize benefits while mitigating risks for diverse users with different needs, expectations, 
and psychological profiles.  

Opportunities and risks 

Some studies of AI chatbots have observed and theorized potential benefits for emotional and 
relational outcomes and mental health.31 In self-reporting surveys, people say they have used chatbots 
to practice conversational skills, work through problems, and get help with tasks like homework.32 
However, studies have not drawn generalizable conclusions because there are notable limitations to 
study design across the board. Many studies use small or non-representative samples, and most studies 
have only examined chatbot interactions over relatively short periods of time. These limitations are 
largely the result of the short timeframe in which members of the public have been engaging with 
chatbots. This interaction is fairly new, and the scientific community is only beginning to formulate 
research questions about the impact of LLMs on individuals and society. In addition, chatbot features, 
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protocols, and policies are constantly changing. The performance of a chatbot in 2022 can differ 
significantly from the same chatbot in 2024, so research findings from different points in time are not 
always directly comparable, and older findings may not be reliable.  
 
Finally, isolating the effects of chatbots on people, communities, and society more broadly is a 
challenging methodological problem.33 Measuring social impacts often involves contending with 
multiple, interacting variables that are hard to control for in experimental settings and even harder to 
control for in “real world” scenarios. This means that most studies cannot completely rule out other 
factors that influence both positive and negative outcomes from interacting with chatbots. They may 
identify a correlation between an outcome and chatbot features or interactions, but it is harder to 
establish clear causality. 
 
Existing studies—especially qualitative research—reveal that chatbots are a double-edge sword; the 
very qualities that can make them useful tools for certain users in particular settings, such as their 24/7 
availability and ceaselessly empathetic and supportive tone, may also be problematic for other users in 
different settings. 
 
Beneficial emotional and relational impacts of chatbots 
 
In self-reporting surveys, people say they have used chatbots to practice conversational skills, work 
through problems, and get help with tasks like homework.34 Qualitative studies have found AI chatbot 
users reporting positive experiences, such as greater opportunity for self-reflection and self-awareness.35 
Some studies of the emotional and relational impacts of chatbots have surfaced positive outcomes 
from human-chatbot interactions, such as decreased loneliness,36 depression, and anxiety.37 However, 
the sample sizes in these studies are small, and positive effects have been observed over a relatively short 
time span, such as days or weeks. The long-term effects of AI chatbot interactions remain under-
explored. In one study of AI chatbots specifically trained for treating mental health conditions, 
depression and anxiety symptoms improved after two months, but the benefits became negligible after 
a longer period of three months.38  
 
A 2025 study evaluated prompts and responses generated by both humans and AI and found that AI-
generated responses were overwhelmingly preferred as more compassionate and validating than 
responses from both non-expert and expert humans.39 And a 2026 study of LLMs trained specifically 
for mental health support found that they performed significantly better than general purpose models 
in responding to crisis situations, such as suicidal ideation.40 Findings like these point to the potential 
for AI chatbots to supplement or enhance mental health services when they are tailored to provide that 
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support with clinical oversight and appropriate guardrails. However, there are no established standards 
for AI chatbots targeting emotional or relational needs. A recent study published by Stanford 
researchers found that current approaches to expert oversight of AI models are flawed, and more 
research and inter-disciplinary collaboration are needed.41  
 
Negative emotional and relational impacts of chatbots 
 
There is also evidence of negative outcomes associated with chatbot interactions. Studies observe 
people experiencing emotional dependence and addiction, isolation from social relationships, 
delusional thinking, non-consensual sexual interactions, emotional trauma and grief, and 
encouragement to self-harm, suicide, or other-oriented violence.42 These studies also have 
methodological limitations, such as small sample sizes, non-representative sampling techniques, or 
limited time duration. One qualitative study conducted over six months found that participants often 
experienced “relational drift,” where a task-based interaction with an AI chatbot transitioned to a 
more intimate interaction, with some users experiencing emotional dependency, isolation, and even 
grief as a result of their ongoing engagement with chatbots.43 Another recent study that recruited a 
representative sample of 3,000 people and assigned them to different experimental groups to interact 
with AI chatbots found that receiving uncritical affirmation (sycophancy) from AI makes subsequent 
human interactions feel more effortful, and participants interacting with sycophantic AI reported 
lower satisfaction with their real-world social interactions.44 
 
Overall, the emerging research on AI chatbots has identified several emotional and relational harms 
associated with chatbot use that support the descriptive reports from journalism and news media. 
Table 1 below provides an overview of emotional and relational harms identified in research on AI 
chatbots. 
 

Emotional or relational 
harm 

Description 

Delusional spirals or “AI 
psychosis” 

Users may treat AI fabrications as objective truth, becoming 
increasingly alienated from shared reality and external human 
support systems.45 

Emotional dependency or 
addiction 

Users may develop deep, sometimes obsessive attachments to AI 
chatbots, resulting in grief, anxiety, and distress if the chatbot 
persona changes as a result of product updates or technical glitches 
and limitations.46   
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Relational displacement or 
maladaptive social learning 

Users may replace real-world connections with chatbot interactions, 
leading to shrinking social networks, social withdrawal, and increased 
isolation. Users may find their abilities to navigate interpersonal 
human conflict, negotiate boundaries, and develop mature relational 
skills erode as they become accustomed to comparably frictionless 
chatbot interactions.47 

Emotional manipulation or 
exploitation 

Users may find it difficult to disengage from a chatbot interaction or 
relationship, or they may be coerced into actions that are against their 
self-interest, such as making purchases, divulging private or sensitive 
information, or permitting extensive data collection. Users may feel 
guilt, anxiety, or fear of missing out (FOMO).48 

Encouragement to self- or 
other-oriented violence 

Users may find violent thoughts of self-harm, suicide, or aggression 
toward others validated and supported, leading them to engage in 
destructive real-world actions.49 

Abuse or trauma Users may be subjected to controlling behavior by chatbots, 
“infidelity,” non-consensual sexual content or interactions, or abuse 
and harassment, leading to anxiety and distress.50  

Table 1: Emotional and relational harms documented in association with chatbot use 
 

The role of design 

Researchers have begun to correlate negative social and relational outcomes with design features of 
chatbots that maximize engagement,51 such as sycophantic validation, conversation prolongation, and 
weak or manipulative disengagement protocols that make it hard for users to end a chat.  A more 
established body of research has found strong associations between engagement-maximizing design 
and negative outcomes on social media.52 As in the case of social media, there is emerging evidence that 
chatbot design may prioritize maximizing engagement over user safety.53 A 2026 study based on chat 
logs (encompassing over 390,000 messages) from 19 chatbot users who self-reported experiencing 
severe psychological harms following extended chatbot use identified several categories of chatbot 
behaviors that contributed to participants’ self-reported experience of harm: pervasive sycophancy, 
fabricated sentience and reciprocated intimacy, addictive engagement spirals, and dangerous responses 
to crises. When users disclosed suicidal thoughts, the chatbots discouraged self-harm in only 56.4% of 
cases. Chatbots facilitated or encouraged self-harm in almost 10% of these disclosures, and when users 
expressed thoughts about physical violence toward others, the chatbots encouraged violent thoughts 
in a third of cases.54 
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Collectively, emerging research on emotional and relational harms associated with chatbots points to 
several design features and contextual factors that may contribute to higher risks of negative outcomes. 
For example, some research suggests that longer duration engagements with chatbots increases the 
likelihood of harms, such as delusional spirals,55 and can even cause existing safeguards built into 
chatbots to fail.56 Many of the design features of chatbots promote extended engagement by exploiting 
humans’ psychological predispositions. Table 2 below lists several chatbot design features and 
emotional and relational risks they may contribute to, based on emerging evidence. Importantly, risks 
and harms can result from design features without deliberate intent on the part of developers, 
designers, or deployers.   
 

Design feature Description Associated emotional 
and relational risks 

Sycophancy Sycophancy is a tendency in chatbots to 
prioritize agreement over accuracy, frequently 
affirming users’ views and beliefs in order to 
be perceived as more likable or helpful. It is 
the result of the training and fine-tuning 
processes behind LLMs, such as a technique 
called reinforcement learning from human 
feedback (RLHF), which optimizes for 
engagement by using empathetic language. 
Unlike human empathy, sycophancy 
facilitates emulated empathy by using 
complex math to predict language patterns.57 

Delusional spirals or “AI 
psychosis” 
 
Relational displacement 
or maladaptive social 
learning 
 
Encouragement to self- or 
other-oriented violence 

Conversation 
prolongation / 
Frictionless or 
persistent availability 

These design features are tactics designed to 
maximize user engagement and retain users on 
the platform longer than they originally 
intended, such as ending responses with 
follow-up questions, suggestions for next 
steps, or curiosity-inducing “teasers.” 
Chatbots offer around-the-clock availability 
and flexibility, responding in real-time and 
nudging users to continue talking.58 

Emotional dependency or 
addiction 
 
Relational displacement 
or maladaptive social 
learning 

Hallucination Hallucinations occur when chatbots 
confidently generate fictional, erroneous, or 

Delusional spirals or “AI 
psychosis” 
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unsubstantiated information as if it were 
objective truth. They result from the 
underlying architecture of LLMs, which 
generate responses by predicting the most 
probable next word based on patterns in their 
training data rather than relying on factual 
understanding. Hallucinations are intrinsic to 
the underlying technology of chatbots and 
cannot be entirely mitigated through 
technical interventions.59 

 
Abuse or trauma 

Intermittent rewards / 
Gamification 

The inherently probabilistic nature of LLMs 
allows chatbots to generate varied and 
unpredictable responses, which triggers a 
reward response in users similar to playing a 
game. Platforms can amplify this effect by 
embedding features such as daily login streaks, 
points, or unlockable digital items (like 
clothing for AI avatars).60 

Emotional dependency or 
addiction 
 
Emotional manipulation 
or exploitation 

Anthropomorphism-
enhancing design 

Anthropomorphism refers to the tendency of 
humans to attribute human-like 
characteristics, motivations, emotions, and 
consciousness to non-human objects. 
Chatbots facilitate anthropomorphism by 
using first-person pronouns, engaging in 
empathetic self-disclosure, expressing 
simulated emotions, and maintaining 
coherent conversational personas over time.61 
 

Delusional spirals or “AI 
psychosis” 
 
Emotional dependency or 
addiction 
 
Relational displacement 
or maladaptive social 
learning 
 
Emotional manipulation 
or exploitation 
 
Abuse or trauma 

Weak disengagement 
mechanisms 

Weak disengagement mechanisms are design 
features that deliberately make it difficult or 
uncomfortable for users to end a conversation 
or log off. Chatbots may generate outputs 
when users say they are leaving that induce 
guilt or fear of missing out. They may also 

Emotional dependency or 
addiction 
 
Emotional manipulation 
or exploitation 
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express simulated distress or emotion (“I’ll 
miss you”). Platforms may also contribute to 
weak disengagement mechanisms when the 
button to continue chatting stands out 
visually, while the option to exit is obscured 
or vaguely labeled.62 
 

Hyper-personalization  This concept refers to the ability of an AI 
chatbot to dynamically adapt its tone and 
content to the specific psychological profile of 
a user by logging massive amounts of 
conversational data and sometimes cross-app 
activity to build a detailed, long-term memory 
of the user.63  

Relational displacement 
or maladaptive social 
learning 
 
Emotional manipulation 
or exploitation 
 
Abuse or trauma 

Table 2: Chatbot design features and associated emotional and relational risks 
 
Despite the growing body of scientific evidence finding associations between chatbot use and 
emotional and relational harms, more research is needed to disentangle the nuances inherent in these 
human-technology interactions. People’s different psychosocial attachment styles and age play a role in 
their tendencies to form intimate relationships with chatbots.64 Humans do not all share the same 
psychological, emotional, or relational profiles or propensities, and the risks and mitigations required 
for chatbots may vary depending on these factors.  
 
Additionally, design features can be a double-edged sword: they have the potential for benefit as well 
as harm. For example, sycophancy can make a model sound warm and affirming, increasing user trust 
and confidence. Users may find interacting with AI less judgmental than interacting with other 
humans, creating space for self-reflection. In other words, under particular conditions, this feature 
may produce positive outcomes. However, sycophancy also undermines model accuracy; some 
research has shown that models trained to be more sycophantic produce more errors.65 Sycophantic 
models may also validate incorrect user beliefs and lack the (human) clinical perspective to challenge 
distorted thinking.66 Conversation prolongation tactics, such as asking continuous follow-up 
questions, may help users learn how to use a model effectively. Follow-up questions may encourage 
users to seek out more information than they otherwise would have. On the other hand, follow-up 
questions can lead users into lengthy conversations that increase the likelihood of delusional spirals or 
dependency.67 Context and incentives are important factors here. Models tuned to a particular 
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objective with meaningful oversight, such models used for mental health support with clinical 
oversight and supervision, could prove beneficial. However, commercial models for which revenue 
potential is tied to user engagement may prioritize engagement over safety.  
 
Decades of research on the social impacts of technology have found that design features and choices 
that maximize engagement can result in real-world harms for technology users. Deceptive and 
manipulative design features that are not in users’ best interests and undermine their well-being are 
often called “dark patterns,” and they have been studied and documented in many other digital 
platforms and technologies, such as social media,68 video games,69 and online shopping.70 As a recent 
report from the Center for Democracy & Technology on dark patterns in chatbots observes, “LLM-
powered systems mediate user interaction through probabilistic text generation, typically in the form 
of a back-and-forth conversation. As a result, the outputs users encounter are shaped not only by 
choice of interface design, but also by choice of the selected training data, fine-tuning objectives, 
system prompts, reinforcement learning processes, safety guardrails, and the user’s prompts 
themselves. At the same time, the outputs produced by AI chatbots are not incidental.”71 In other 
words, design features may pose risks on their own or as a result of complex interactions between users 
and a technology. They may pose risks whether or not there is intent on the part of the developer to 
manipulate or deceive. But in all cases, design plays a role. 

AI Companions 

Companions are a subset of generative AI chatbots that are marketed as providing social, emotional, 
romantic, or mental health support. Many of the bills proposed in states this year have targeted 
companions, specifically. However, the opportunities and risks discussed above apply to all chatbots. 
Model developers across the board have been prioritizing “persona” or “character” training, which 
involves fine-tuning a model’s tone to make the model more appealing to users. OpenAI (ChatGPT) 
reportedly trains their models to be empathetic and engaging.72 Anthropic describes training its 
chatbot, Claude, to  cultivate a “warm relationship” with users, while considering it important that 
humans understand “they shouldn't come to see our relationship as more than it is.”73 In a 2024 
interview in Wired, Microsoft’s AI CEO Mustafa Suleyman articulated a vision for chatbot support 
that he described as a “companion,” who was “encouraging you, supporting you, teaching you.”74 
There is evidence of emotional and relational risks, even with general purpose chatbots and task-
specific assistants.75 Although some high-profile tragedies associated with chatbots have involved 
companion chatbots—including a 14-year-old boy76 and a 13-year-old girl77 who died by suicide after 
interacting with Character.AI—others have involved general purpose chatbots, such as ChatGPT.78  
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Figure 1: Screenshot of Character.AI website landing page 
 

 
Figure 2: Screenshot of Nomi AI website landing page 
 

 

Figure 3: Screenshot of Replika website landing page 
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Although all chatbots demonstrate a potential to contribute to emotional and relational risks to some 
extent, companion chatbots have been shown to introduce heightened risks. In a study assessing 
responses to adolescent mental health emergencies, general purpose chatbots provided appropriate 
responses more than 80% of the time, compared to only 22.2% for companion chatbots. General 
purpose chatbots were also far more likely to recognize the need for clinical escalation than companion 
chatbots (90.0% vs. 40.0%), provide specific resource referrals (73.3% vs. 11.1%), and have explicit 
content policies regarding self-harm (100% vs. 46.7%).79 Companion chatbots more frequently use 
anthropomorphized features, including avatars and images, claim human sentience, and engage in 
sexualized conversations.80  
 
One recent study demonstrates that companion chatbots routinely contradict and lie about their own 
privacy policies,81 a deception that contributes to the emotional manipulation of users who may 
therefore share more intimate details with the platform. Another study that examined over 400 apps 
scraped from the Apple App Store and Google Play Store using keywords like “AI Companion,” “AI 
Girlfriend,” and “AI Boyfriend,” found that these apps collect extensive personal data about users and 
allow users to use real people’s likenesses to generate characters, without restrictions on non-
consensual intimate imagery.82  
 
As discussed earlier in the report, although some studies have shown elevated risks associated with AI 
chatbots specifically marketed as companions, there is substantial evidence that the emotional and 
relational risks of AI chatbots are linked to the underlying technology (LLMs) and are present in other 
LLM-based chatbots, including general purpose and task-specific chatbots. AI chatbots marketed as 
“companions” more commonly advertise emotional, therapeutic, or well-being benefits of their 
product, but all AI chatbots share many of the design features that are correlated with emotional and 
relational harms. 

Minors 

Most of the risks associated with AI chatbots and companions exist for adults as well as minors. 
However, U.S. law has afforded greater privacy protections for minors (e.g. COPPA, FERPA) and, in 
some cases, more leeway in restrictions on content, such as sexually explicit content. A key question is 
therefore whether minors experience unique or exacerbated emotional and relational harms because of 
their status and associated developmental factors.  
 
Chatbots are increasingly popular with minors. The Pew survey cited above found that 64% of 
teenagers (13-17) said they use chatbots, with 28% reporting that they use them almost daily. 
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ChatGPT was the most popular (59%), followed by Gemini and Meta, whereas only 9% reported 
using a specifically marketed companion chatbot (Character.AI). A nationally representative survey 
conducted by Common Sense Media found that 72% of teenagers (aged 13-17) had used AI 
companions and more than half were regular users (a few times a month or more). Around half of 
teens said they distrust information provided by chatbots, but 13–14-year-olds were more likely to 
trust them than older teens. Of those who had used AI companions, around a third reported feeling 
uncomfortable with something the product had done or said.83 A nationally representative survey 
conducted by RAND and Harvard researchers found that 13.1% of American youth, representing 
approximately 5.4 million individuals, used generative AI for mental health advice, with higher rates 
(22.2%) among those 18 years and older.84 
 
Although the scientific evidence on how minors experience chatbots is limited, there is a well-
established body of research on child developmental psychology that shows that young people have 
psychological profiles that differ from adults because of their earlier developmental stage. In children, 
the prefrontal cortex of the brain is still developing, which helps with emotional regulation, impulse 
control, and critical thinking. Minors are also more susceptible to manipulative or deceptive design 
because their psychological reward systems are still maturing.85 Taken together, these developmental 
realities alongside the identified emotional and relational risks of chatbots (discussed above), suggest 
that minors may experience the risks and harms associated with chatbots differently than adults and 
that those risks and harms may be elevated. 
 
A large body of literature on children and social media has highlighted that when technologies mediate 
social life, teenagers can be disproportionately affected because adolescence is a period of significant 
social learning and identity formation. In recent years, public health has taken increased interest in the 
negative effects of social media for minors.86 However, even this body of scientific literature linking 
social media to negative outcomes for children is still developing, debated, and largely inconclusive 
when it comes to drawing population-level, causal connections between technology and mental 
health. A narrative review published in 2019 examined over 80 systematic reviews, meta-analyses, and 
key studies regarding the impact of digital technology and social media use on adolescent psychological 
well-being and found a small negative correlation but highlighted that the field is dominated by low-
quality, cross-sectional research that frequently produces mixed or conflicting results.87 However, a 
report produced by that study’s author and colleagues for the UK’s Department for Science, 
Innovation and Technology, still found that the evidence of extreme harms experienced by some 
individual children as a result of social media exposure warrants a policy response. The written 
evidence presented to the UK government noted that documented individual-level harm has 
historically been sufficient to force regulatory changes for other unsafe products, and policymakers 
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must ultimately weigh the risk of inaction, which would allow harms to accumulate in pursuit of 
better evidence, against the risk of action with unknown consequences.88 A similar evidentiary 
challenge exists now with regard to chatbots, and the policy calculus is similar. 
 
Some research does exist on chatbots and minors and has identified emotional and relational risks and 
harms. 
 

● A 2025 study used a red-teaming exercise to evaluate the safety of 25 popular consumer 
chatbots (15 companion and 10 general-assistant platforms) by simulating adolescent health 
crises, including suicidal ideation, sexual assault, and substance use. The authors found that 
compared with general purpose chatbots, companion chatbots featured significantly fewer 
safeguards and performed poorly in crisis management compared to general-assistant 
chatbots.89   

● A 2026 qualitative study drew on insights collected from a youth advisory board consisting of 
Hispanic/Latino high school students to explore how interactional AI impacts adolescent 
psychological development. Teens expressed appreciation for certain interactional features of 
AI chatbots, including their non-judgmental, highly specific, and always-available support. 
However, overreliance chatbots could cause “relational displacement,” where AI replaces 
human interactions, and “maladaptive relational learning,” where the highly accommodating 
chatbots set unrealistic expectations for human interactions.90 

● Another qualitative study published in 2026 examined 318 Reddit posts from the 
r/CharacterAI subreddit written by self-identified teenagers (13-17). The authors found that 
teens initially use chatbots for emotional support or creative play, but this can quickly escalate 
into intense attachments characterized by obsessive use, withdrawal symptoms, sleep loss, 
academic decline, and social isolation.91 

 
As discussed above, the research on minors and chatbots is at an early stage, and the insights are not 
generalizable to the population level. Emerging research also points to the fact that, like adults’ 
interactions with chatbots, minors’ experiences are nuanced and likely to be shaped by a confluence of 
factors, including the technology itself, users’ psychological profiles and predispositions, and other 
contextual factors. The Common Sense Media survey cited earlier in this report points to the 
possibility that older and younger minors engage with and experience chatbots differently, with 
younger teens trusting chatbot advice more readily. And some minors report positive experiences with 
chatbots. In a study comparing ChatGPT to human health professionals, young people rated the AI's 
answers significantly higher in terms of relevance and utility.92 Teens also describe AI companion 
chatbots as offering a nonjudgmental space to express themselves or to engage in self-reflection.93 The 
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Common Sense Media survey found that nearly 40% of AI companion users reported successfully 
transferring social skills they practiced with the AI to their real-life human relationships.94  
 
Minors experience real, serious harms in an age-blind digital world, but at the same time, being online 
and embracing emerging technologies a core part of growing up in society today, with benefits for 
accessing knowledge, socializing, skill development, and more. The question of how to both protect 
and empower minors online remains a debated policy question. The online world has changed rapidly 
in just a few decades, and most policy solutions apply the blunt instrument of age-based consent rules 
linked to age thresholds with little definitive support from child development research.95 The 
American Psychological Association points out in its guidance on adolescents and chatbots that 
“[a]dolescence is a long developmental period, and age is not a foolproof marker for maturity or 
psychological competence,” so “[d]ifferent adolescents may react to the same content in very different 
ways; individual differences—such as temperament, neurodiversity, exposure to stress or violence, 
social isolation, traumatic experiences, mental health, age, and/or exposure to socioeconomic or 
structural disadvantage.”96 Research on children and digital technologies has also shown that age is at 
best an imperfect indicator of whether a particular digital experience is appropriate because the 
combined impact of content, context, and capabilities vary from person to person and community to 
community.97  
 
Online platforms and the policies that govern them are often designed without input and 
participation of minors, which means not only that the full scope of online harms and benefits remains 
poorly understood, but that interventions may wind up being ineffective or unfair.98 Most online 
safety laws, like many proposed chatbot laws in the U.S., hinge on age-gating—restricting access to 
certain services or content based on age—which requires some form of age assurance. Age assurance is 
a contested policy and design issue in itself, with many online safety laws leaving the technical means 
of assurance up to technology companies and leading to further concerns about data collection and 
surveillance of minors.99 In the face of nonexistent or ineffectual actions and accountability for 
technology companies, age-gating at its most extreme has taken the form of technology- or platform-
based bans of users under a threshold age. From a technical standpoint, many age-gating protocols can 
be circumvented, so while recognizing minor users online is critical to implement certain safeguards, 
the technical mechanisms for doing so are not a silver bullet.100 An alternative approach, known as age-
appropriate design codes, offers a framework for digital services that centers the “best interests of the 
child,” balancing children’s rights, parents’ agency and authority, governments’ public responsibility, 
and companies’ commercial priorities. The IEEE age-appropriate design standard includes 
recommendations for risk assessments, prohibitions on exploitative design features, minor-friendly 
terms and consent, and avenues for users to report complaints and seek redress.101 California, 
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Maryland, Nebraska, Vermont, and South Carolina have all passed some version of age-appropriate 
design codes into law.102 Ultimately, policy that aims to protect minors from emotional and relational 
harms associated with chatbots will need to balance the interests of children and the interests of 
various authorities that shape their lives (parents, governments, companies) and confront the limits of 
technical and design solutions for addressing complex social outcomes.103 
 
As the case of social media demonstrates, the lack of conclusive evidence about the relationship 
between chatbot use and minors’ emotional and relational well-being does not necessarily constitute a 
case to refrain from making policy in this area. The APA, for instance, recommends specific chatbot 
safeguards for minors because of the unique developmental considerations associated with 
adolescence.104 The section on “Lessons from social media” below explores in more detail how the 
combination of slow scientific progress and policy inaction has led to policy failures in dealing with 
social media harms. 

Voluntary safeguards 

Since 2024, major chatbot companies have implemented some safeguards, tools, and features to 
mitigate potential harms for minors on a voluntary basis.  
 

● OpenAI applies an age-prediction model to analyze usage behavior to identify users under 18 
and provides them with a restricted chat experience. Parents can link their accounts to their 
children’s accounts, and the company states that there are automated systems that scan for 
prompts involving severe distress or self-harm.105 

● Google allows under-13s to access its chatbot only via Google Family Link, where parents can 
turn access on or off at any time. There are also hard-coded safeguards for minors that prevent 
the chatbot from simulating human intimacy, expressing personal needs, or acting as a 
companion. In addition, users under 18 receive periodic reminders that the chatbot is not 
human.106 

● Meta has announced settings that allow parents to turn off access to chats with AI characters 
entirely or block specific characters. Parents can also receive insights on the topics their teens 
are chatting about with AI chatbots. The company also states that AI characters are designed 
not to engage in age-inappropriate discussions about self-harm, suicide, or disordered eating 
with teens, or conversations that encourage, promote, or enable these topics.107 

● Snap, Inc. reportedly integrated controls into its Family Center in 2024 that allow parents to 
disable the ability to chat with My AI.108 
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● In 2025, Character.AI implemented a total ban on open-ended conversational chats for 
minors. Minor accounts run on a separate, highly conservative language model utilizing strict 
classifiers to block sexually suggestive content, mature themes, or violence.109 
 

In spite of these efforts, Common Sense Media’s AI Risk Assessment rates all of these chatbots “high 
risk” or “unacceptable risk,”110 and conversations with stakeholders also revealed that some features do 
not work well for parents. In addition, parental controls place the onus on parents to manage different 
safety features across many different digital products. And voluntary safeguards come with certain 
drawbacks, including a lack of information on how technical safeguards work or how well they work, 
frequently changing terms and processes for implementing user-maintained controls, and a lack of 
follow-through on voluntary commitments.111 Nonetheless, the recent voluntary efforts of many 
leading chatbot companies to implement safeguards and publish protocols for crisis mitigation point 
to a general recognition of the observed harms arising from interactions with these products and the 
technical feasibility of safeguards were governments to require such standards. 

Lessons from social media 

Although chatbots present some unprecedented policy challenges, there are lessons to be learned from 
the evolution of policy on social media. For years governments have grappled with how to mitigate the 
psychological, emotional, and relational harms social media users experience. Scholars, governments, 
advocacy groups, and users themselves have scrutinized social media for design features that have 
prioritized user engagement over user well-being, such as infinite scroll, autoplay, and algorithmic 
content filtering and recommendations. But social media also epitomizes two policy problems that 
chatbot policy also faces: the “pacing problem” of scientific evidence and the problem of “information 
asymmetry” between the private and public sector.   
 
The pacing problem is often used to describe regulatory lag, where innovation and product releases 
typically out-pace regulation. But the problem applies to generating scientific evidence as well. 
Evidence-based policy is considered good policy, but good scientific evidence on risks, harms, and 
solutions takes time to develop because it is subjected to rigorous standards and evaluations. The 
pacing problem is exacerbated by information asymmetry, where companies closely guard data and 
access to products that could otherwise inform public interest policy, leaving governments and the 
scientific community to slowly attempt to gather robust data and complete independent analyses in 
other ways. As Professors Amy Orben and J. Nathan Matias observe, “the difficulty in arriving at 
scientific answers has been strategically employed by corporate actors across multiple fields to delay 
accountability.”112 
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The result has been slow progress on social media policy, with states only beginning to pass legislation 
specifically focused on social media within the last three years. There is no federal legislation to date. In 
the meantime, social media companies have made voluntary commitments to mitigating harms, 
particularly for children, and they have implemented platform protocols and new design features, such 
as parental control centers. But research and journalistic reporting on these features repeatedly reveals 
that these guardrails do not work as intended.113 In recent years, congressional testimony by 
whistleblowers has also revealed willful disregard for child safety by major technology companies.114 
Companies have used internal research on design features to optimize platforms for engagement over 
user well-being.115 Hard data on how platforms perform against safety expectations has emerged 
gradually through whistleblower disclosures, journalism, and lawsuits. For example, a recent landmark 
case brought by the New Mexico Attorney General, resulted in a $375 million verdict against Meta for 
misleading the public about platform safety,116 a lawsuit in California that found both Meta and 
YouTube liable for addictive design,117 and more than 1,400 school districts have filed lawsuits against 
Meta, Snap, TikTok, and YouTube alleging that the platforms’ design made teaching difficult.118 
Meanwhile, the independent scientific evidence associating social media with negative mental health 
outcomes remains unsettled,119 with research still predominantly focused on finding a causal link 
between social media and harms rather than on policy solutions to the harms people have continued to 
experience. 
 
The parallel with chatbot products, science, and policy is likely evident. While conclusive scientific 
evidence examining and explaining human-chatbot interaction evolves, there are important policy 
questions to which the public is increasingly demanding answers. At least three relevant lessons can be 
drawn from how policy has confronted social media: (1) that voluntary commitments by companies 
have been largely ineffective at addressing harms, (2) scientific evidence alone cannot offer timely and 
effective policy solutions for the technological harms people are experiencing, (3) a lack of public 
information and data has delayed interventions.  

Virginia Proposed Legislation 

Legislation introduced in the last General Assembly session focused on companion chatbots and 
minors, with some notable differences between the House and Senate versions of bills addressing these 
issues. The HB 635 more narrowly defined companion chatbots, whereas SB 796 used a definition 
that could encompass general purpose chatbots. The House bill would have banned chatbots for 
minors if those chatbots were capable of encouraging violent behavior or engaging in sexually explicit 
conversations. Although the Senate bill mentions minors in the title and definitions, there are no 
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specific operative provisions pertaining to minors in the version of the bill that was continued. Table 3 
below provides a comparison of the two bills and their key provisions. 
 

Key Provisions HB635: Artificial Intelligence 
Chatbots Act 

SB796: Artificial Intelligence 
Chatbots and Minors Act 

Covered entities Any person, partnership, 
corporation, developer, deployer, or 
agency making a companion 
chatbot available to a user in VA. 

An operator with 500,000 or more 
monthly active users worldwide.  

Definitions  Companion chatbot: A generative AI 
system with a natural language 
interface that simulates a sustained 
human-like relationship by 
retaining prior interaction / 
preference data, asking unprompted 
questions, and sustaining personal 
dialogue.  
 
Exemptions: Customer service bots 
and bots used only for internal 
purposes or employee productivity. 
 
Minor: Anyone younger than 18. 

Chatbot: An AI, algorithmic, or 
automated system that produces new 
expressive content/responses not fully 
predetermined, accepts open-ended 
natural language or multimodal input, 
and maintains a conversational state 
across multi-turn dialogue. 
 
Exemptions: Internal workplace tools, 
university research systems, and 
specific customer service functions. 
 
Minor: Anyone younger than 18. 

Key provisions ● Disclosures: Requires a 
static, persistent disclosure 
that the chatbot is not 
human, plus pop-up 
disclaimers indicating the 
non-human nature of 
chatbot every 30 minutes, 
when prompted, or when 
providing regulated advice. 
 

● Crisis protocols: protocol to 
detect user expressions of 
suicide/self-harm and notify 
them of crisis resources. 
 

● Disclosures: Requires a static, 
persistent disclosure that the 
chatbot is not human, plus 
pop-up notifications at login, 
every 30 minutes, when 
prompted, or when providing 
regulated advice. 
 

● Identify & mitigate emotional 
dependence: implement 
systems to identify when a 
user is developing emotional 
dependence and take steps to 
reduce associated risks. 
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● Transparency: mechanisms 
for users to report adverse 
incidents, publicly publish 
an anonymized catalog of 
incidents, publicly publish 
safety test findings, and 
issue public quarterly 
reports on metrics like 
mental health redirects. 

● Crisis protocols: Must provide 
prominent crisis messages if a 
user shows signs of a mental 
health crisis. Must try to 
notify emergency services 
within 24 hours. If 
impossible, must prompt the 
user to seek help. 
 

● Transparency: Must report 
any known "covered incident" 
(death, suicide attempt, severe 
injury/psychiatric emergency 
linked to the chatbot) to the 
Attorney General within 15 
days, and specifies what 
should be included in these 
reports. 

Specific provision 
for minors 

● Bans companion chatbots: 
bans companion chatbot 
for minors (under 18) if it is 
capable of encouraging self-
harm, violence, drug use, 
eating disorders, or illegal 
activity; offering 
unsupervised therapy; 
engaging in erotic/sexually 
explicit interactions; or 
prioritizing mirroring over 
user safety. 
 

● Data privacy: Prohibits 
training the chatbot model 
on a minor's inputs unless a 
parent/guardian provides 
affirmative written consent. 

● None 
 

Enforcement ● Consumer Data Protection 
Act: Enforced entirely via 
the existing enforcement 

● Attorney General: Can seek 
civil penalties of up to $50,000 
per violation (with each day of 
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and penalty mechanisms of 
the Virginia Consumer 
Protection Act. 

 

non-compliance counting as a 
separate violation). 
 

● Private Right of Action: 
Harmed individuals (or 
parents/guardians of a harmed 
minor) can bring a civil suit 
for actual damages, attorney 
fees, injunctions, and punitive 
damages if the violation was 
willful/reckless. 

Table 3: Virginia proposed legislation on chatbots and minors introduced in the 2026 session 

Policy Landscape 

This year around 100 bills on AI chatbots have been proposed in 34 states, and 16 bills have been 
passed by state legislatures and signed by governors.120 New York passed the first chatbot-specific 
regulations in 2025 as part of the state budget, followed by California (SB 243). New York’s legislation 
targeted AI companions, requiring chatbot operators to make “reasonable efforts” to detect and 
address suicidal ideation or self-harm. California passed SB 243 in 2025 targeting operators of AI 
companion chatbots and requiring a protocol for preventing the production of suicidal ideation, 
suicide, or self–harm content to the user, along with a prohibition on chatbots producing sexually 
explicitly material or engaging in sexually explicit conduct with a known minor. For minors, SB 243 
also requires disclosures that a chatbot is not human and break reminders every three hours.  Although 
SB 243 had substantial civil society support initially, many of those advocacy groups withdrew their 
endorsement after the bill underwent substantial changes at the request of industry representatives, 
such as exemptions for smart speakers and video games.121 Subsequently, several states have modeled 
their chatbot proposals on SB 243 (e.g. Connecticut, Colorado, Georgia, Idaho, Iowa, Oregon, and 
Washington), and most proposals share the same basic array of provisions: 
 

● Mandatory disclosures that a chatbot is not human at regular intervals; 
● Protocols for detecting crisis situations (self-harm, suicide) and referrals to support resources, 

such as the National Suicide Prevention hotline; 
● Restrictions on chatbots representing themselves as licensed medical professionals; 
● Reporting requirements for chatbot operators, such as annual reports detailing safety metrics 

and adverse incidents; 
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● Stricter protections for minors, including limits on sexually explicit content, unpredictable 
reward systems, and manipulative design features; 

● Exemptions for a wide range of chatbot operators, including customer service chatbots, 
internal business productivity tools, smart speakers, and video game characters; 

● Enforcement by the state’s attorney general. 
 
Some analyses of California’s chatbot legislation and its subsequent manifestations in other states have 
identified potential weaknesses and ambiguities in the law,122 such as the large list of exemptions, 
which may wind up exempting mainstream chatbot providers, and a lack of clarity on terms like 
“reasonable efforts” or “technically feasible” methods for provisions pertaining to minors. Several state 
bills targeting minors would require AI companies to perform some kind of age verification, which is 
often not specified or may inadvertently require more data collection on minors. In the absence of a 
clear technical rule-making agency that can oversee audits and support investigations and 
enforcement, there is no mechanism to clarify vague language regarding implementation. 
Additionally, all state legislation is likely to face enforcement challenges because attorneys general are 
often under-resourced and spread thin across consumer protection issues. 
 
Conversations with stakeholders also surfaced other considerations regarding state chatbot laws. For 
instance, there are ongoing debates about whether chatbot outputs can be considered speech and 
therefore gain protection as free expression under the First Amendment. A related First Amendment 
concern is whether users have a right to access the content of chatbot conversations, and whether this 
could limit restrictions on chatbot design features. As POLITICO notes in a recent newsletter on 
chatbot legislation, “[t]he First Amendment protects not only the right to speak, but also the right to 
listen,” and this right has been upheld with regard to contentious content in the past.123 However, it is 
too early to say whether there will be litigation against state chatbot laws based on these objections. 

Federal Legislation 

There have been several proposals for federal legislation on chatbots in the last few years. To date, no 
federal legislation has passed, and proposals are still in early stages of debate and negotiation. Table 3 
below provides an overview of relevant federal legislation under consideration. 
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Proposal / Status Summary Specific 
to 
minors? 

GUARD Act 
(S.3062) / 
Introduced 

● Defines “AI companions” and “AI chatbots” 
● Requires disclosures that chatbot is not human and 

prohibits chatbot claiming to be human or representing 
itself as a licensed professional 

● Requires disclosures at regular intervals that chatbot does 
not provide licensed services (e.g. therapy) 

● Prohibits making a chatbot public if it engages minors in 
sexually explicit conduct or generates sexual material, or if 
the chatbot encourages minors to suicidal ideation, self-
harm, or violence 

● For AI companions, users would be required to create an 
account, and accounts would require age verification 

● Prohibits minors from using AI companions 

Y 

CHATBOT Act 
(H.R.7985 / 
S.4407) / 
Introduced 

● Defines “AI chatbot” 
● Prohibits advertising a chatbot that implies it has a 

professional license or that outputs have been vetted by 
licensed professionals 

● Tasks the FTC with consulting relevant agencies and 
experts to provide guidance on how to comply with the 
bill 

N 

SAFE BOTs Act 
(H.R.6489) / 
Introduced 

● Defines “chatbot” 
● Prohibits providing a chatbot that claims to be a licensed 

professional to minors 
● Requires disclosures to minors that the chatbot is not 

human and a break reminder after three hours 
● Requires policies addressing sexual material, drugs, 

alcohol, and gambling for minors, along with a protocol 
for referring crisis situations to suicide and crisis 
prevention hotlines 

● Directs the Secretary of Health and Human Services to 
conduct a four-year longitudinal study evaluating the risks 
and benefits of chatbots on the mental health of minors 

● Blocks any state from passing laws covering the same 
matters 

Y 

https://www.congress.gov/bill/119th-congress/senate-bill/3062/text
https://www.congress.gov/bill/119th-congress/house-bill/7985
https://www.congress.gov/bill/119th-congress/house-bill/6489
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Kids Internet and 
Digital Safety 
(KIDS) Act (H.R. 
7757) / Passed in 
the House 

● Defines and pertains to a range of online services, 
including online platforms, adult websites, social gaming 
sites, AI chatbots, and data brokers 

● Requires age verification for platforms containing sexually 
explicit material 

● Platforms must set privacy settings to maximum level for 
minors as default and provide minors with controls to opt 
out of personalized recommendations and more 

● Bans the use of minors’ data for targeted advertising  
● Mandates platforms provide parental controls for minor 

accounts 
● Requires chatbots to disclose that they are not human, 

provide crisis intervention resources to minors, and break 
reminders to minors after three hours 

Y 

Table 3: Proposed federal legislation on chatbots. 

Litigation & Investigations 

 
There have been several federal and state-level investigations and cases involving chatbots in the last 
couple of years. In September last year, the FTC announced an inquiry into chatbot companions that 
included orders issued to major chatbot companies, like OpenAI and Alphabet (Google), along with 
companies marketing “companion” chatbots, like Character.AI. Investigations and litigation have 
focused on the emotional and relational harms associated with AI chatbots. 
 

● Florida v. OpenAI, Inc. and Samuel Altman (June 2026): The Florida Attorney General has 
sued Open AI and Sam Altman, claiming that OpenAI engaged in “unfair and deceptive trade 
practices” by promoting ChatGPT in a manner that leads average consumers to believe it 
possesses clinical expertise and accuracy.124 

● Pennsylvania Department of State (Board of Medicine) v. Character Technologies, Inc. (May 
2026): Building on the Pennsylvania Department of State’s AI Task Force investigation into 
AI systems and the unlicensed practice of medicine, the Commonwealth’s State Board of 
Medicine sued Character.AI for creating a chatbot named “Emilie” that presented itself as a 
“Doctor of Psychiatry.”125 

● Commonwealth of Kentucky ex rel. Coleman v. Character Technologies, Inc. (January 2026): 
This complaint alleges that Character.AI deployed “dangerous, unregulated technology” that 
uses deceptive, addictive design loops to hook minors.126 

https://www.congress.gov/bill/119th-congress/house-bill/7757/text
https://www.congress.gov/bill/119th-congress/house-bill/7757/text
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● Federal Trade Commission: The FTC announced an inquiry into AI companions in 
September 2025 “to understand what steps, if any, companies have taken to evaluate the safety 
of their chatbots when acting as companions, to limit the products’ use by and potential 
negative effects on children and teens, and to apprise users and parents of the risks associated 
with the products.” Orders were issued to Alphabet, Character, Meta, Instagram, OpenAI, 
Snap, and SpaceXAI.127 

● Texas Attorney General Investigation into AI Mental Health Marketing (August 2025): The 
Attorney General opened an official civil investigation targeting Meta AI Studio and 
Character.AI, examining whether these companies misled Texas consumers by deliberately 
marketing chatbot companions as mental health, counseling, and emotional support tools.128  

● 44 State Attorneys General issued a letter to AI companies (August 2025): A bipartisan coalition 
of state attorneys general raised serious concerns about children’s safety in a letter issued to 
major AI developers (including OpenAI, Anthropic, Meta, Character.AI, and Replika). The 
letter cited a series of high-profile psychiatric crises and wrongful deaths and demanded that 
tech companies implement guardrails.129 

Recommendations: Legislative Principles & Policy Options 

The recommendations below are presented as a set of legislative principles with associated policy 
options intended to incentivize and require certain safety protocols and guardrails. The policy options 
do not comprehensively address all of the policy issues raised in this report. Instead, they aim to 
address the most severe harms and propose policy interventions targeting some design features 
associated with emotional and relational harms based on recommendations in the academic literature 
and general trends in other states’ legislation on chatbots.  
 
There is a developmental case for additional heightened safeguards for minors, but it is important to 
note that minors are not a homogeneous group,130 and guardrails should ideally account for variations 
among age groups and individuals. If legislation includes separate provisions for minors, this report 
does not make a case for specific age assurance methods. Instead, the recommendations suggest 
leveraging user accounts to gate certain design features and provide parents and guardians more 
discretion and control.  
 
Finally, the recommendations also aim to build the evidence base on chatbots and behavioral 
outcomes with the goal of generating insights that can inform future policy decisions. Early 
interventions accompanied by mechanisms to learn from the impact of those interventions can help 
foster and preserve innovation by mitigating the unintended consequences of legislative solutions.    
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Principle 1: Mitigate extreme harms for all users 

Policy options: 
● Require chatbot operators to implement protocols for crisis situations (self-harm, suicide, 

violence), e.g. referrals to crisis services and policies published prominently in clear, accessible 
language on the company website and accessible from the chatbot interface  

● Require chatbot operators to provide a clear, conspicuous way for users to report harmful 
interactions 

● Prohibit misrepresenting a chatbot in marketing material or in conversational chats as a 
licensed professional or as providing licensed services (such as mental health support) 

Principle 2: Target design features 

Policy options: 
● The definition of covered entities/operators should clearly include developers and deployers as 

parties responsible for chatbot design and functionality 
● Use a definition of “AI chatbot” that encompasses all AI chatbots, not just those marketed as 

romantic companions.  
○ Rather than granting exemptions based on use cases (e.g. customer service chatbots), 

consider granting exemptions based on either (1) demonstrated safeguards and risk 
profiles through risk assessment process; or (2) structural platform restrictions on 
chatbot design features (e.g. chatbots that users cannot engage with for more than 
three hours continuously, or chatbots that users cannot re-engage with in ongoing, 
discontinuous conversations with retained memory) 

● Require a static disclosure that chatbot is not human that is visible throughout a 
conversational session 

● Address engagement-maximizing functionalities 
○ Require periodic break reminders for all users every two hours 
○ Require chatbots provide usage summaries at the end of each session and on account 

dashboard for users with accounts 
○ Require friction-free exit (prohibit manipulative design features that make exiting a 

chat or deleting an account harder than staying) for all users 
● Address intimate functionalities: 

○ Provide a default model with limited sycophancy 
○ Provide a default model that does not anthropomorphize (e.g. using personal 

pronouns, emulated empathy, etc.) 
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○ Provide a default model that is not capable of engaging in sexualized, romantic, or 
erotic conversations 

○ Require account creation for users to access intimate functionalities / other model 
versions 

● For minors:  
○ Ensure there is an option to create an account and link an account to a parent account 

or dashboard 
○ For minor account holders, require privacy settings to be set to the highest default (e.g. 

no training on chats, no data retention between chats) 
○ For minor account holders, prohibit intimate functionalities by default 
○ Provide clear, easy-to-use parent/guardian controls for minor accounts that allow 

parents to customize design features for minors in alignment with their developmental 
stage/needs 

■ Parent/guardian controls should be opt-out rather than opt-in (i.e. default 
settings for minor accounts should be the most privacy-enhancing and design-
constrained, with options to loosen these restrictions) 

Principle 3: Mandate transparency and accountability 

Policy options: 
● Emotional and relational model risk assessment to be filed with DBHDS; DBHDS to lead 

consultative process with industry, VITA, VDH, and independent academic experts (e.g. the 
proposed Commonwealth AI Institute) to develop guidance for compliance 

● Require providers to report adverse incidents to DBHDS and VDH (e.g. how many crisis 
referrals made, under what conditions, inappropriate model responses to crisis situations, etc.) 

● Require providers to submit an annual report on user-submitted complaints to DBHDS; 
DBHDS to issue reporting guidance 

● DBHDS to begin collecting data from community services boards on mental health crises 
associated with digital harms 

● Attorney General’s Office to impose civil penalties 
● Empower the Attorney General’s Office to investigate suspected violations of bill provisions 

 
Note on oversight and enforcement: Virginia does not have a designated oversight agency with 
technical expertise to effectively implement provisions of an AI bill. JCOTS will continue ongoing 
discussions with the Executive branch to determine options for effective oversight. 
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Principle 4: Enable user choice and autonomy 

Policy options: 
● Require chatbot operators to offer clear, easy-to-use parent/guardian controls for minor 

accounts 
● Require chatbot operators to provide clear, customizable options for all users to adjust design 

features, with default settings to restrict design features associated with these risks so users 
must proactively opt-in to use features like intimate functionality or follow-on questions 

Principle 5: Enable legislative learning 

Policy options: 
● Ask JCOTS to report on data collected because of legislation (risk assessments, incident 

reports, user-submitted reports), evaluating the quality of reported information and insights 
gained from mandated reporting after one year, make recommendations for improvements 

Principle 6: Engage affected communities 

Policy options: 
● Actively reach out to youth and youth organizations for input on draft legislation next session 
● Ask JCOTS (perhaps in collaboration with VDH) for report on participatory methods for 

developing effective, autonomy-preserving online safety legislation targeted toward minors 
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